ECINE@

Society for the Study
of Economic Inequality

Working Paper Series

Recent trends in top income shares in the
USA: Reconciling estimates from March
CPS and IRS tax return data

Richard V. Burkhauser
Shuaizhang Feng
Stephen P. Jenkins
Jett Larrimore

ECINEQ WP 2009 — 139




ECINEQ 2009-139
October 2009

Society for the Study .
of Economic Inequality WWW.ecineq.org

Recent trends in top income shares in the
USA: Reconciling estimates from March CPS
and IRS tax return data’

Richard V. Burkhauser
Cornell University

Shuaizhang Feng
Princeton University and Shanghai University of Finance and Economics

Stephen P. Jenkinst
University of Essex

Jeff Larrimore
Cornell University

Abstract

Although the majority of research on US income inequality trends is based on public-
use March CPS data, a new wave of research using IRS tax return data reports
substantially higher levels of inequality and faster growing trends. We show that these
apparently inconsistent estimates are largely reconciled if the inequality measure and
the income distribution are defined in the same way. Using internal CPS data for
1967-20006, we closely match IRS data-based estimates of top income shares reported
by Piketty and Saez (2003). Our results imply that any inequality increases since 1993
are concentrated among the top 1 percent of the distribution.
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share of non-taxable government in-cash transfers — AFDC/TANF, Social Security benefits,
etc. — are held by the poorest 90 percent of the pre-tax post-transfer (CPS-Post-HH definition)
distribution, we would expect the income share of the top 10 percent of the pre-tax post-
transfer income distribution to be smaller than the income share for the top 10 percent of the
Piketty-Saez gross income distribution in all years. This is the case.

But, once we control for differences in definitions, the differences in estimates of
income share held by these high income groups based on CPS and IRS data are much smaller
in both level and trend. This can be seen by comparing corresponding estimates in the CPS-
Pre-TU and Piketty-Saez series. For the p90-p95 group (Figure I), the CPS-Pre-TU series
and Piketty-Saez share estimates are almost identical in the beginning of the period. The
increase in the CPS-Pre-TU series p90—p95 group’s income share over the 40 year period is
somewhat greater than the Piketty-Saez estimates: a rise from 10.9 percent to 12.5 percent,
compared to a rise from 11.0 percent to 11.9 percent. But, even with the slight trend
differences, the income shares in each year are always close to each other. For the p95-p99
group (Figure II), levels and trends using the CPS-Pre-TU and Piketty-Saez series are even
closer, although the CPS-Pre-TU series again shows a slightly greater upward trend than the
IRS data.

In addition to comparing the income share of the p90—-p95 and p95-p99 groups, we
also considered the sources from which individuals in these groups received their income.
However, the GB2-based multiple imputation procedure must be performed on total
household income and thus cannot distinguish source-level incomes for this analysis. While
this prevents us from comparing income sources for the top 1 percent of the distribution,
since most individuals in the p90—p95 and p95-p99 groups are not censored we can use the
unadjusted internal data to compare the sources of income for members of these groups. As
discussed in Appendix B, for the p90—p95 and p95-p99 income groups, the sources of
income for members of these groups are also quite similar between the CPS Pre-TU series
and the Piketty-Saez Series. For example, in any given year between 85.1 to 89.3 percent of
income received by members of the p90—p95 group comes from wages in the CPS Pre-TU
data. This compared to a range of 86.9 to 91.6 percent of income received from wages in this
group when using the IRS tax records data. Among the p95—p99 income group, the income
shares are equally as similar, with the 74.8 to 85.7 percent of income coming from wages in
the CPS data and 73.3 to 84.4 percent of income coming from wages in the IRS tax records

data.






Figure I1I: Estimates from CPS and IRS tax return data of the share of total income
held by the top 1 percent, 1967-2006
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Sources: see note to Figure 1.

Thus far, we have restricted our attention to groups with incomes lying between the
90™ and the 99" percentiles. What about the top 1 percent? It is only within this group that we
see larger differences in results across the datasets. Figure III shows that the CPS-Post-HH
series leads to a smaller share estimate than the other two series. This is similar to our
findings for the p90—p95 and p95—p99 income groups and is expected given the different
income definitions. However, in contrast to the earlier findings for the other two income
groups, while controlling for differences in definitions reduces this gap, a more sizable
unexplained gap remains. It is worth emphasizing, however, that while the remaining
difference is greater than for the other two income groups analyzed, the differences in
absolute terms between the CPS Pre-TU series and the IRS series are relatively small, at least
in earlier years. Before 1986 the income share for the top 1 percent is between 1 and 2
percentage points greater for the Piketty-Saez estimates relative to the CPS-Pre-TU series,
although this difference expands in later years.

Arguably, inequality trends over time are more important to researchers than

inequality levels. In both the CPS Pre-TU series and the Piketty-Saez series we find slower
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growth in the share of income held by the p90—p95 and p95—p99 groups starting in the early
1990s than was the case in the 1980s. Thus, both the CPS and IRS data sources seem to yield
the result that whatever inequality growth occurred in the 1990s was largely confined to
increases in the share of income held by the top 1 percent of the income distribution.

So what precisely has been happening to the top 1 percent’s share? Prior to 1986, the
trends in the income share for this group are remarkably similar according to all three series.
Table I shows the average annual percent increases in the top 1 percent’s income share for
seven subperiods. The two pre-1986 periods are the relatively low inequality growth period
of the 1970s and the higher inequality growth period from 1980-1986. Each of the three
series shows similarly small inequality growth in the 1970s, with the Piketty-Saez series and
the CPS Post-HH series each showing a very slight decrease in the top 1 percent income
shares and the CPS Pre-TU series showing a very slight increase. The 1980-1986 period is
even more similar, as the Piketty-Saez series shows almost identical average growth in the
share held by the top 1 percent as found using the two CPS series. It is only after 1986 that
more substantial differences between the series begin to appear. The first of these differences
occurs from 1986—1988, when the Piketty-Saez series shows a dramatic 22.1 percent annual
increase in the share of income going to the top one percent. The increase according to the

CPS-Pre-TU series is a more moderate 2.0 percent.

Table I: Average annual percentage change in income share of the top 1 percent, by
subperiod between 1967 and 2006

Subperiod March CPS IRS tax return data
Size-adjusted pre-tax post-  Pre-tax pre-transfer tax Pre-tax pre-transfer
transfer household income unit income tax unit income

among individuals among tax units among tax units
(“CPS-Post-HH”) (“CPS-Pre-TU”) (“Piketty-Saez”)

1967-1980 -0.5 0.4 -0.2

1980-1986 1.7 1.9 1.9

1986-1988 3.2 2.0 22.1

1988-1992 0.0 0.8 0.6

1992-1993 45.0 42.5 -4.9

1993-2000 1.6 1.5 4.1

20002006 1.3 1.4 1.5

Note: sources for calculations as described in the note to Figure 1.

This divergence between series subsides in the period immediately after 1988.

Compared to the CPS-Post-HH series, the Piketty-Saez series shows moderately higher
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growth in the income share of the top 1 percent — growth of 0.6 percent per year compared to
no growth in the CPS-Post-HH series from 1988 to 1992. Much of this difference, however,
is simply due to the different income distribution definitions. When the CPS-Pre-TU series is
used instead, the difference in the top 1 percent’s income share between this series and the
Piketty-Saez one is a much smaller 0.2 percent per year. Thus, for the entire period between
1967 and 1992 with the exception of 1986—1988, the trends in the income share of the top 1
percent are similar according to both data sources — if similar income definitions are used.

From 1992-1993, the trends diverge again across series. In this year, both CPS series
increase by over 40 percent while the IRS series falls by 4.9 percent. But it is only from
1993-2000 that the IRS series shows a sustained increase in the share of income held by the
top 1 percent relative to CPS-Pre-TU series. Over this period, the Piketty-Saez series
estimates that the top one percent’s share was rising at an accelerated pace. The 4.1 percent
annual increase is more than twice the rate of increase in the early 1980s. By contrast, the
CPS-Pre-TU series yields an annual increase of only 1.5 percent in the income share of the
top 1 percent — which is a slower rate of increase than seen in the 1980s.

After the divergence for the 1990s, trends across series converged again from 2000—
2006 if similar income distribution definitions are used. During this period, all three series
show similar increases of between 1.3 and 1.5 percent average annual increases in the income
share for the top 1 percent.

So, for most of the past 40 years, the trends in top income shares are similar — once
similar income definitions are used. There are no major differences in the trends implied by
the differenct sources for the income shares of those with incomes between the 90" and 99"
percentiles. It is only during the periods 1986—1988, 1992-1993, and 1993-2000, that the two

sources show markedly different trends and only for the top 1 percent of the population.

Explaining the differences in trends in the share of the top 1 percent

What explains the divergences between series in estimates of the share of the top 1
percent for the periods 1986—1988, 1992-1993, and 1993-2000. We believe that the results
for the first two periods arise from well-known limitations of the IRS tax return data and of
the CPS, respectively.

For 1986-1988, we believe that the increased share of the top 1 percent shown by the
Piketty-Saez series primarily reflects a change in tax policy rather than any genuine change in
the incomes controlled by the richest 1 percent. The Tax Reform Act of 1986 provided

substantial incentives for the very richest tax units to switch reported income from
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Subchapter-C corporations to Subchapter-S income and wage income. The tax law changes
likely created a behavioral effect in how income is reported, which led to the very large
observed increase in top income shares in IRS personal tax return data over the course of
these two years. See Slemrod (1996) and Reynolds (2006) for a fuller discussion of this type
of issue in the Piketty and Saez (2003) data, and see Feenberg and Poterba (1993) for a more
general discussion of the problems of measuring income inequality using tax return data. Of
course, Piketty and Saez (2003) recognize the potential impact of such “fiscal manipulation”
(2003, p.3), but they do not address the issue in detail because of their focus on long-run
trends in top income shares.

The divergence in series for 1992—-1993 reflects fundamental changes in the design of
the CPS, rather than a real change in income inequality. Over these years, the Census Bureau
implemented a major redesign of the survey instrument, including a change to computerized
rather than paper-based data collection methods. (See Ryscavage 1995 and Jones and
Weinberg 2000 for details.) These changes improved the ability of the CPS to record all
incomes but especially top incomes. We believe that this explains the increase of more than
40 per cent in the top 1 percent’s share according to the two CPS-based series (Table I).
Notice the much more modest change in the Piketty-Saez series over these years.

What explains the divergences for 1993-20007? It may be the case, as Reynolds (2006)
suggests, that changes in tax rules, requiring executive stock options to be reported as taxable
income, led to the estimated rise in income share of the top 1 percent according to the
Piketty-Saez series. According to this hypothesis, this group’s income share has always been
higher than observed (implying a greater difference between the Piketty-Saez and CPS-Pre-
TU series). And importantly, trends according to the two series are more similar on the
grounds that the more rapid increase in the Piketty-Saez series in the 1990s was an artifact of
the changes in tax accounting rules.

Another possible explanation, also suggested by Reynolds (2006), is that a greater
increase in the use of tax-deferred savings accounts (401k plans, Keogh plans and IRA tax
shelters) by individual in top income groups outside the top 1 percent may explain part of the
rise in the income share of the top 1 percent in the Piketty-Saez series for the late 1990s. This
hypothesis would be consistent with our results for the p90—p95 and p95-p99 groups, for
which the CPS-based series showed very slightly higher increases in income shares than the
Piketty-Saez series.

Either of these explanations for the diverging trends is plausible. So too may be the

view that the CPS did an increasingly poorer job of capturing top incomes in the late 1990s.
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But, if this is the explanation, the timing of the differences is curious. After the CPS redesign
in 1993, it was better able to capture top incomes, as evidenced by the artificial jump in
inequality in both of our CPS series between 1992 and 1993. Moreover, the prevalence of
censoring during this period — after the internal data’s topcodes were increased — was lower
than it was in the mid-1980s or in the early 21 century.® So the CPS design changes should
have increased the survey’s ability to accurately observe top incomes during this period.
Additional work is necessary to determine what precisely happened to the very
highest income shares over this period and thereby provide a comprehensive reconciliation of

the differences between the CPS-based and IRS tax return-based series.

Income inequality trends using Gini coefficients

Thus far we have explored the ability of CPS data to capture trends in the share of
pre-tax pre-transfer income going to top tax units in the IRS tax record data as measured by
Piketty and Saez. In this section we explore the sensitivity of inequality levels and trends to
one’s choice of inequality index as well as sources of income and income receiving unit.
Since a top income share is the only inequality measure that can be readily derived from IRS
tax record data we focus this part of the analysis on the CPS data.” Figure IV compares Gini
coefficients based on the CPS Post-HH income series to those from the CPS Pre-TU income
series. If the choice of income definition and income sharing unit did not matter, we would
expect to find similar levels and trends in Gini coefficients using each of these two series.
Instead we find that using pre-transfer, tax-unit data rather than post-transfer household
income yields substantially higher observed levels of income inequality. Using post-transfer
household income, estimates of the Gini coefficient range from a low of 0.35 in 1968 to a
high of 0.46 in 2006. Switching to pre-transfer tax-unit income increases observed inequality
30 to 40 percent over these levels, with a minimum Gini coefficient of 0.47 in 1968 and a

maximum of 0.59 in 2006.'°

¥ See Larrimore et al. (2008) for detailed information about the prevalence of censoring in the internal CPS data
year by year.

? Leigh (2007) uses unit record data to compare top income shares with other inequality estimates, but using
panel data regressions applied to cross-national comparative data. Ours is the first study to investigate this issue
using a long run of comparable microdata from the same country.

10 In addition to the difference in sharing unit and the inclusion of transfer income, the series also differ in that
the post-transfer household income (CPS Post-HH) is size-adjusted and evaluated at the individual level the pre-
transfer tax-unit income (CPS Pre-TU) is not. Not size-adjusting household income would slightly reduce the
level difference between the Gini coefficients in the two series, but most of the difference remains. The size-
adjustment does not affect estimates of the trends in inequality.
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Figure I'V: Estimates from CPS data of income inequality measured by the Gini
coefficient, 1967-2006
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Sources: see note to Figure 1.

This dramatic difference in income inequality levels occurs for two reasons. First,
defining the sharing unit as the tax unit causes adult children living with their parents or other
individuals who have little or no independent income but are supported by other household
members to be counted independently. As a result, the fraction of the population who appear
to have no income is much higher when considering tax-units than when considering
households resulting in increases in measured income inequality.

Second, transfer income is predominantly received by individuals in the lower tail of
the income distribution. Ignoring transfer income therefore reduces the income of individuals
at the bottom of the distribution resulting in increases in measured income inequality. Of
course, these factors also affect calculations of income inequality when using the top income
shares measure as well. However, the difference in observed inequality between the
household and tax-unit income series is much larger when using the Gini coefficient than was
seen for the top income shares. This is because the Gini coefficient incorporates information
about inequality differences throughout the income distribution, and the top income share
measures do not. Since transfers are most relevant for individuals lower in the income

distribution, they have a larger impact on comprehensive inequality measures such as the
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Gini coefficient. The substantial differences in levels of observed inequality from what
appears to be a relatively innocuous change in income and income receiving definitions,
however, illustrates the importance of careful attention to detail when comparing income
inequality calculations. But, as can also be seen in Figure IV for the Gini coefficient and
Figures I-III for the top income shares, these choices concerning the income distribution
definition appear to be less critical with respect to trends. As will be seen below, this is not

the case with respect to the choice of income inequality index.

Comparing income inequality trends using Gini coefficients and top income shares

Finally, we also consider how the choice of income inequality index affects measured
household income inequality. Using the two CPS-based series, we compare the observed
growth in income inequality using the Gini coefficient to the trend in the income share of the
top 1 percent and the top 10 percent of the population. By using the same sample to compare
results for these three inequality measures, we can determine the extent to which the choice
of inequality measures influences the observed trends in income inequality.

Table II shows the average annual percent increases using these three income
inequality measures for seven subperiods since 1967 and for the entire 40 year period. This is
done using the CPS Post-HH series and the CPS Pre-TU series — our two series for which all
three inequality metrics can be calculated. Using either income series, the two top income
share series exhibit faster inequality growth than the Gini series when considering the entire
40 year period. However, much of this difference comes from the substantial, artificial jump
in top income shares between 1992 and 1993.

When considering the subperiods, the pattern is mixed with the top 1 percent’s
income share exhibiting higher growth than the Gini coefficient in some periods (1980-1988,
1993-2000, and 2000-2006) and slower growth in others (1967-1980 and 1988-1992).
During the period of greatest disagreement between the two literatures — the late 1990s where
the IRS-based literature has observed much larger increases in income inequality — this
difference is quite large. Using the CPS Post-HH series, the growth in inequality as measured
by the top 1 percent’s income share grew an average of 1.6 percent per year. This compares
to an average annual growth of just 0.2 percent per year in the Gini coefficient. The
difference is similarly large when using the CPS Pre-TU series, with the top 1 percent’s
income share growing an average of 1.5 percent per year and the Gini showing no growth
over the period. (The growth in the top 10 percent’s income share is much closer to that of

the Gini.)
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Table II: Average annual percentage change in income inequality using three inequality
measures, by subperiod between 1967 and 2006

CPS Post-HH CPS Pre-TU

Share of  Share of Share of  Share of

Gini Topl1% Top 10% Gini Top 1% Top 10%
1967-1980 0.1 -0.5 -0.2 0.4 0.2 0.5
1980-1986 1.2 1.7 1.1 0.7 1.9 1.1
1986-1988 0.6 3.2 0.9 -0.1 2.0 0.5
1988-1992 0.4 0.0 0.5 0.9 0.8 1.0
1992-1993 6.6 45.0 9.6 4.6 42.5 9.2
1993-2000 0.2 1.6 0.7 0.0 1.5 0.4
2000-2006 0.6 1.3 0.5 0.5 1.4 0.7
1967-2006 0.6 2.3 0.7 0.6 2.8 1.0

Sources: see note to Figure L.

These results can partially explain why researchers examining top income shares
using IRS tax records have found continued inequality growth through the 1990s while
researchers examining Gini coefficients using CPS data have not. We previously observed
some differences in inequality trends between the two datasets during this period even using
the same inequality measure. However, Table II shows that differences in the inequality
trends observed in these two literatures also stem from differences in the inequality index
used. For researchers interested in inequality across the entire distribution, which the Gini
coefficient is superior for measuring, inequality growth in the 1990s was dramatically slower
than that in the 1980s. But for researchers interested in comparing the income differentials
between the very top income holders and the rest of society, then the slowdown in inequality

growth in the 1990s was far less substantial.

Summary and Conclusions

We analyze trends in top income shares in the USA over four decades (1967-2006),
with the goal of reconciling estimates derived from the CPS with those reported by Piketty
and Saez (2003) and derived from IRS tax return data. Our CPS-based estimates draw on the
internal data used by the Census Bureau to produce their official income statistics, which is a
much better source for examining income distribution trends than CPS public-use data

because the prevalence of topcoding is substantially smaller.

19



When applying a Piketty-Saez-type definition of the income distribution to CPS data,
we derive estimates of top income shares that are remarkably similar in terms of both levels
and trends to those reported by Piketty and Saez (2003, 2008) for both the p90—p95 and p95-
P99 groups. The shares grew in the 1980s and then slowed starting in the early 1990s. For the
top 1 percent, our CPS-Pre-TU series provides a slightly lower share estimates than the
Piketty-Saez series does but, with the exception of the period 1993-2000, the trends in the
series are remarkably similar. Thus, we conclude that the differences in inequality trends
observed by researchers using these two data sources are not primarily due to deficiencies in
either data source but rather to the traditions of income inequality measurement used in the
two literatures.

To explore this possibility further we also measure income inequality using Gini
coefficient in the March CPS data, and compare results using the Piketty and Saez—style
source of income and income receiving unit definitions (CPS Pre-TU) and those using
standard source of income and income receiving unit definitions (CPS Post-HH). Using
Piketty-Saez pre-tax pre-transfer, tax-units substantially increases observed levels of income
inequality but does not greatly impact trends (Figure IV). In contrast, when using identical
data, source of income, and income receiving units but different inequality measures, we
found that the growth in the income share of the top 1 percent of the population substantially
outpaced measured inequality using the Gini coefficient (Table II).

Thus, we conclude that at least part of the differing views in the two literatures about
recent trends in income inequality can be attributed to differences in the literatures’ measures
of income inequality. Specifically, while the income divergence between the very top income
holders and the rest of society was growing in the 1990s, the growth in income inequality
across the entire distribution occurred at a more moderate pace.

When we use the same measure of income inequality — the income share of the top 1
percent — and similar income definitions — pre-transfer, tax-unit income — with the CPS data
we are for the most part able to very closely capture the same levels and trends Piketty and
Saez find using the IRS tax record data. The only unexplained divergence in the observed
income inequality between the two datasets occurs over the period 1993-2000. It is possible
that in this period of rapid economic growth, the CPS was unable to capture the rise in pre-tax
pre-transfer income of the very richest people. It is also possible that behavioral effects
caused by changes in the tax laws made it more likely for an increase in the sheltering of
income by those at the top of the distribution but outside the top 1 percent, which then

exaggerated the change in incomes recorded by IRS tax return data. Hence the difficulty of
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disentangling real changes in the share of income controlled by the very richest income tax
units from changes in the way they report their income as the source of these yearly changes
in inequality. But despite this limitation, users of both CPS and of IRS tax return data should
be comforted by our finding that, for most groups at the top and for most of the past four

decades, the differences in estimates from the two data sources are relatively minor.
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Appendix A. Findings based on unadjusted internal CPS data

To account for censoring (albeit limited) in the internal CPS data, we used a multiple
imputation (MI) approach, as described in the main text. Imputation of some kind is
necessary when one wishes to calculate income inequality for the entire income distribution
including topcoded observations, and have been commonly-used in both the CPS-based
inequality literature and the IRS-based inequality literature.

To investigate the potential sensitivity of our findings to the use of imputation
methods, we have also undertaken all our calculations of top income shares using unadjusted
internal CPS data used “as is”, without imputations for censored values. Figures A.1-A.3
provide the top income shares using the pre-tax, pre-transfer tax-unit income definition using
both the unadjusted internal CPS data series and our series derived using the MI procedure.

For the p90—p95 income group and the p95—p99 income group, the levels and trends
in income shares derived from the unadjusted CPS data closely match those from the MI
series, and both are close to the levels and trends seen by Piketty and Saez (2003) using IRS
tax records. This is not unexpected as less than 1 percent of individuals lived in a household
in which some source of income was censored in the internal data so the censoring primarily
impacts those in the very top income group.

For the top 1 percent income share, using the unadjusted CPS data results in a lower
level of measured income inequality and a slightly lower income inequality growth than
when using the MI series. The general patterns of the inequality increases are similar,
however, with the top 1 percent income share increasing at a pace similar to that seen by
Piketty and Saez in the 1980s (although the unadjusted internal data observes the increase
later in the 1980s than the other two series). As with the MI series, the rate of increase in the
top 1 percent income share then slows in the 1990s compared to that seen by Piketty and Saez
before showing similar patterns again in the early 21 century.

Thus, even for researchers using the unadjusted internal data without our GB2-based
multiple imputations for the small number of internally censored observations, our main
findings hold. Controlling for differences in income definitions and inequality measurements,
the results using CPS and IRS data are extremely consistent for almost all of the past 30 years

with the exception of the mid- to late-1990s.
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Figure A.1: Estimates from CPS data with and without the GB2 imputation procedure
for censored observations of total income held by units with incomes between the 90™
and 95" percentiles, 1967-2006
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Sources. The Piketty-Saez series is taken from Piketty and Saez (2003, 2008). It refers to the
distribution of pre-tax pre-transfer income among tax units. The CPS-based series were
derived by the authors from CPS internal data. The CPS-Pre-TU series with the GB2
imputation matches the CPS-Pre-TU series from the main text, using our GB2 imputation to
derive censored incomes in the internal data. The CPS-Pre-TU series using unadjusted
internal data uses the unadjusted internal data “as is”. See Appendix A and the main text for
further details.
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Figure A.2: Estimates from CPS data with and without the GB2 imputation procedure
for censored observations of total income held by units with incomes between the 95™

and 99" percentiles, 1967-2006
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Sources: see note to Figure A.1.
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Figure A.3: Estimates from CPS data with and without the GB2 imputation procedure
for censored observations of total income held by units with incomes in the top 1
percentile, 1967-2006
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Sources: see note to Figure A.1.
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Appendix B. Sources of income: unadjusted internal CPS data versus Piketty-Saez data

Having established that in general the share of income in March CPS data going to the
top 10 percent of the distribution closely matches that found in IRS tax record data by Piketty
and Saez (2007), we also seek to understand how the sources of income compare for these
individuals. When doing so, it is necessary to use the unadjusted internal data rather than the
data based on our GB2-based multiple imputation (MI) procedure. This is because the MI
procedure used to overcome the censoring problem must be performed on total income, rather
than on each individual income source. As such, it is not possible to distinguish information
about income sources in the imputed data.

Of course, by using the unadjusted internal CPS data rather than the MI data, we are
unable to observe the actual incomes, or the sources of those incomes, for censored
individuals. Therefore, since many individuals in the top 1 percent of the income distribution
are censored we are only able to provide meaningful income source information for the p90—
p95 and p95—p99 income groups where censoring is less restrictive.

As illustrated in Table B.1, the sources of income are quite similar for the p90—p95
income groups in the CPS and IRS data. The percent of income among members of this
group received from wages ranges from 85.1 to 89.3 percent of income when using the CPS
Pre-TU data, compared to a range of 86.9 to 91.6 percent of income when using the IRS tax
records data. While there are some year-to-year fluctuations in the income received from
wages, the level is remarkably stable in both the IRS and CPS data over the 40 year period.

Among the p95-p99 income group, the income shares are also as similar, with the
share of income received from wages ranging from 74.8 to 85.7 percent of income in the CPS
data and from 73.3 to 84.4 percent of income in the IRS tax records data (Table B.2). There
are only 2 years where the difference in the share of income received from wages is greater
than 4 percent in the two datasets. Additionally, both datasets show increases in the portion of
wages from income of approximately 7.5 percent over the 40 year period while the income
from entrepreneurial activities declined. The only substantial difference between the series is
that the IRS tax records data indicate that the portion of income from assets declined since
1967, whereas the CPS data suggest that asset income increased in importance to these high-
income individuals. In general, however, not only do the IRS and CPS data closely match the
share of income received by top earners in the income distribution, but they also provide

similar results for the sources of that income.
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Table B.1: Income composition by source for tax-units with incomes between the 90"
and 95™ percentiles of the income distribution, 1967-2006

Year CPS Pre-TU (Unadjusted) Piketty-Saez

Wage  Entrepreneurial ~ Asset Wage  Entrepreneurial Asset
1967 86.3 10.3 33 88.2 7.3 4.6
1968 87.3 9.5 32 88.6 7.0 43
1969 88.8 7.7 34 88.6 6.8 4.6
1970 89.3 7.5 32 89.2 6.0 4.7
1971 88.1 8.8 32 90.1 5.6 43
1972 87.9 8.9 32 89.6 59 4.6
1973 87.3 9.1 3.6 88.8 6.4 4.9
1974 86.9 9.2 39 86.9 6.6 6.5
1975 87.5 8.6 39 88.7 5.6 5.7
1976 87.9 7.7 4.3 88.4 5.8 5.8
1977 88.2 7.7 4.1 88.7 54 5.9
1978 88.7 7.0 43 88.4 5.8 5.7
1979 87.8 7.6 4.6 89.1 52 5.7
1980 89.1 6.0 5.0 88.6 4.5 6.9
1981 87.3 6.6 6.1 88.1 3.7 8.2
1982 87.2 6.0 6.8 89.2 2.5 8.3
1983 85.1 7.5 7.3 89.5 34 7.1
1984 86.2 6.1 7.7 89.9 32 6.8
1985 86.9 5.8 7.4 89.9 3.2 6.8
1986 86.9 6.4 6.6 90.1 3.8 6.0
1987 86.5 8.0 54 90.1 4.3 5.6
1988 86.7 6.9 6.4 89.4 4.9 5.8
1989 85.7 7.8 6.5 88.6 4.9 6.5
1990 85.7 7.5 6.8 88.7 4.7 6.6
1991 86.3 7.8 59 89.4 4.7 5.9
1992 87.0 7.4 5.7 90.9 4.3 4.8
1993 88.2 6.3 5.6 90.9 5.0 42
1994 89.2 5.6 5.2 91.1 5.0 39
1995 88.4 5.6 6.0 91.6 4.5 39
1996 86.4 6.4 7.2 90.8 4.7 4.6
1997 85.7 6.2 8.2 91.0 4.8 4.2
1998 86.1 6.1 7.8 91.1 4.9 4.0
1999 85.4 6.4 8.2 90.6 55 39
2000 87.4 5.7 6.9 89.7 5.6 4.7
2001 87.8 5.8 6.5 91.2 5.0 3.8
2002 89.2 5.5 53 89.9 6.2 4.0
2003 88.5 54 6.0 90.1 6.3 3.6
2004 88.9 53 5.8 89.4 6.8 3.8
2005 88.5 5.0 6.5 88.1 7.5 4.4
2006 86.9 6.1 7.1 88.2 6.8 5.1

Sources: The Piketty-Saez series is calculated from Piketty and Saez (2007, 2008). The CPS-Pre-TU
series using unadjusted internal data uses the unadjusted internal data “as is”. See Appendix A and the
main text for further details.

Entrepreneurial income includes self-employment and farm income. Asset income includes interest
from interest, dividends, and rents. For comparability with the source-decomposition results presented
in Piketty and Saez (2007), income from other sources are excluded and the sum of incomes from
wages, entrepreneurial activities, and asset income is scaled to sum to 100 percent. Other forms of
income represent less than 4 percent of income in all years.
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Table B.2: Income composition by source for tax-units with incomes between the 95"
and 99™ percentiles of the income distribution, 19672006

Year CPS-Pre TU (Unadjusted) Piketty-Saez
Wage Entrepreneurial  Asset Wage Entrepreneurial  Asset

1967 74.8 18.8 6.4 73.3 17.4 9.3
1968 76.8 16.8 6.3 73.7 17.2 9.1
1969 77.9 15.3 6.8 75.3 16.1 8.6
1970 78.9 14.7 6.4 77.1 14.1 8.7
1971 79.1 14.6 6.3 77.6 13.4 9.0
1972 77.8 16.1 6.1 76.4 14.6 9.0
1973 75.9 17.3 6.8 74.2 16.0 9.8
1974 78.1 15.3 6.6 74.3 15.5 10.3
1975 78.9 14.7 6.4 77.4 13.3 9.3
1976 79.4 13.7 6.9 77.9 12.7 9.4
1977 79.0 13.9 7.0 78.1 12.4 9.5
1978 77.8 15.4 6.8 78.0 12.6 94
1979 78.3 13.1 8.6 78.4 11.5 10.1
1980 80.6 11.2 8.2 79.7 8.5 11.9
1981 79.2 11.0 9.8 80.6 6.1 13.2
1982 79.5 10.6 10.0 81.2 54 13.5
1983 78.9 10.8 10.3 83.4 5.7 10.9
1984 78.9 10.3 10.8 81.8 6.3 11.9
1985 81.2 8.7 10.1 82.9 6.6 10.5
1986 81.1 9.9 9.0 83.3 7.3 9.4
1987 80.1 10.5 9.4 81.8 8.9 9.3
1988 80.5 10.6 8.9 80.3 10.4 9.3
1989 78.1 11.3 10.6 79.3 10.3 10.3
1990 78.9 10.3 10.8 80.5 9.8 9.7
1991 79.1 11.0 9.9 80.8 10.2 9.0
1992 82.3 8.7 9.0 82.6 10.5 6.9
1993 80.8 10.3 9.0 83.2 10.7 6.1
1994 81.5 9.4 9.1 82.9 10.8 6.3
1995 82.8 7.2 10.0 82.9 10.8 6.3
1996 81.9 7.8 10.3 82.4 11.1 6.5
1997 78.1 8.7 13.2 82.0 11.0 7.1
1998 78.7 8.2 13.1 82.2 11.4 6.5
1999 76.8 10.5 12.7 82.2 11.3 6.5
2000 81.5 8.9 9.7 82.3 11.0 6.7
2001 83.5 7.5 9.0 83.2 10.9 5.9
2002 85.7 7.6 6.7 84.1 10.6 53
2003 84.1 7.8 8.2 84.4 10.6 5.0
2004 83.5 7.7 8.8 83.2 11.5 53
2005 83.5 7.3 9.3 81.5 12.6 59
2006 82.3 74 10.3 80.9 12.2 6.9

Sources: See note to Table B.1.
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